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Machine Learning Repository View ALL Data Sets

Browse Through: 110 Data Sets Table View List View

Default Task
ta Types Default Task Year
Classification (96) _- _ -@ — .

Reqgression (12)
Clustering (13) \
Other (10) Diabetes

Attribute Type

Categorical {15)
Numerical (70)
Mixed (18)

Data Type

Multivariate (91) Molecular Biology (Protein
Univariate (7) Secondary Structure)
Sequential (7)
Time-Series (12)

Text (3 i
ﬁw{airi-Theom @) .l! Sponge Multivariate Clustering ﬁ?;;%?”ca'- 76 45
Other (4) :

Life Sciences (110) & Statlog (Heart) Multivariate Classification Categorical. | 570 13
Physical Sciences (52) L)

CS / Engineering (178)
Social Sciences (26) } -
Business (32) tg# :

Game (10) Protein Data
Other (75)

# Attributes

Less than 10 (27)
10 fo 100 (58)
Greater than 100 (13)

#instances ____ | Thyroid Disease oD TETEE Classification Categorical, | 755 21 1087

|Less than 100 (3) Domain-Theory Real

Multivariate, Time- Categorical,

Series Integer 20

Icu Multivariate, Time-

g Real
- Series

Sequential Classification Categorical 128

Soybean (Small) Multivariate Classification Categorical 47 39 1987
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1. Diabetes: This diabetes dataset is from AIM '94

2. ICU: Data set prepared for the use of participants for the 1994 AAAI Spring Symposium on Atrtificial
Intelligence in Medicine.

3. Molecular Biology (Protein Secondary Structure): From CMU connectionist bench repository; Classifies
secondary structure of certain globular proteins

4. Sponge: Data on sponges; Attributes in spanish

5. Statlog (Heart): This dataset is a heart disease database similar to a database already present in the
repository (Heart Disease databases) but in a slightly different form

6. Protein Data: Undocumented
7. Soybean (Small): Michalski's famous soybean disease database
8. Thyroid Disease: 10 separate databases from Garavan Institute

9. Mushroom: From Audobon Society Field Guide; mushrooms described in terms of physical
characteristics; classification: poisonous or edible

1N Anidinlanvy fOrininal): Nlnminal anidinlanv Aatacat fronm Ravlnr
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powered by Sage Bionetworks

Q

CHALLENGES ~ | ABOUTDREAM ~ | OURCOMMUNITY ~ | PUBLICATIONS | ALGORITHMS ~

Translating
guestions into

solutions & crowds
INto communities.

DREAM CHALLENGES

Designed and run by a community

af rescarches from a variety of CTD? Pancancer Drug Activity
organizations, DREAM Challenges DREAM Challence ©
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Allen Institute Cell Lineage
Reconstruction DREAM

The goals of the EHR DREAM Challenge are to prospectively

predict patient health outcomes in order to 1) lower the
barriers to piloting innovative machine learning and data
science methods in healthcare, 2) establish clinically relevant
prediction benchmarks and evaluation metrics, and 3)
minimize the distance between model developers and the
clinic to reduce the time for model implementation.

rneumatologists In making the Dest decisions Tor patients.
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